LLMs as assistants or tests subjects?
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Takeaways Issues in experiment design
- Two distinct conceptions of LLMs. ow masculine is... 2
- Be mindful of issues known from dress @ 2 3 é%
: : : : truck 1 2 3
experiment/questionnaire design. aun {23 40

- Nominal/ordinal/interval?
Method - Reference level?
- Ordering effects.

- Compare LLMs to human data: - Framine effects:

- Gender association word norms.?
- Word relatedness scores.?

- Compare different models, - 'Gooag participant bias'
and different ways of promptineg.

- Reusable tool: ChoicelLLM (on PyPI)

How Teminine is... ?

Base vs. instruct-tuned models?

- Prompt: plain continuation vs. chat
Framing - Base models may better it humans.?

Potential benefit of agerecating
'masculine’ + feminine' framing
Scalar rating vs. comparison

Gender association - Compare against (e.g.) 200x3 others:
1.0 Spearman's P
0.8 Which is more ... (masculine, related)?
0.6-I I I I - Use aggregated 'win ratio' as rating.?
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