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cf. Aina et al. (2018) [SemEval]
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Question prediction

Get a model to predict implicit questions
(goals), by training on explicit questions.

Data: =free supervision!

« Only dialogue contalns enough questions.

« Extract dialogues from movie scripts and books.
- E.g., 1M dialogues from BookCorpus.

Models (e.g.):
« Simple word-level RNN. (Westera 2018 [SemDiall])

« Sentence-level RNN on pre-trained sent. embeddings.
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Example (aim)

So, there's this party tonight...
Shall we go?
August, no!
Why do you even bring it up?

But it's perfect! It's my last night in Aberdeen! I'll never be in this
town again!

Can we go’?

No, we can't.

Why can‘t we go?
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